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and to apply it in a multi- correspondence between histology and MRI slices [5].
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» Intensity values within each tumor were averaged to form an average time course signal.

» Principal component analysis was performed on the average time course signal and PCA components
ranked according to the magnitude of their LASSO coefficient.
» L1-norm regression problem: B = argming ( 1y —Bo— Xhes IjkBk)z +AY |Bk|) ; I is the PCA =
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(a) Peripheral zone tumor marked in pathology slide (b) Corresponding DCE image. (c) Cancer likelihood map

_ _ _ o generated using the classifier trained on data-driven DCE features only. (d) Corresponding T2-W image. (e) Cancer
» Number of PCA features to be included is determined by forward search to maximize Area Under likelihood map generated using the classifier trained on the proposed mpMRI features, registered to T2-weighted

image.

components, y; is label for j* ROI, A is the regularization parameter, § includes the LASSO coefficients.

Receiver operating characteristic curve (AUC).
Conclusion

» Soft margin Support Vector Machine (SVM) is used, parameters tuned by leave-one-patient-out cross
» An image processing pipeline to detect peripheral prostate cancer from mpMRI using data-driven DCE

validation to maximize AUC.
features is developed.
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